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Table 1 Compare of correct classification probabil-
ity and dispersion of BP learning and hybrid
learning in each example.

BP Learning Hybrid Learning
mean | dispersion | mean | dispersion
Example 1| 0.953 | 81.1x107° | 0.993 | 2.5x10~°
Example 2 | 0.939 [ 197.7x107° | 0.949 | 106.6x10~°
Example 3| 0.950 | 87.0x10~° | 0.950 | 87.0x10~°
Example 4 | 0.898 | 643.0x107° | 0.901 | 622.1x10~°
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Fig.11 Classification domain and separation hyper-
plane in Example 1.
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mixed case that the interval of the category
is dense and sparse.
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Fig.15 Compare of correct classification probability
of BP learning and hybrid learning.
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